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Deciphering biodiversity and
interactions between bacteria and
microeukaryotes within epilithic
biofilms from the Loue River,
France
Anouk Zancarini1, Isidora Echenique-Subiabre1,2, Didier Debroas3,4, Najwa Taïb4,
Catherine Quiblier2,5 & Jean-François Humbert1
Epilithic river biofilms are complex matrix-enclosed communities harboring a great diversity of
prokaryotic and eukaryotic microorganisms. Interactions between these communities and the
relative impacts of environmental factors on their compositions are poorly understood. In this
study, we assessed the spatio-temporal variation in the diversity and composition of bacterial and
microeukaryotic communities within biofilms in a French river. Significant changes were found in the
composition of these microbial communities over the sampling period and between the upstream and
downstream stations. In addition, the beta diversity of the bacterial community tended to decrease
along the river, mostly as a result of turnover. These changes could be caused by the different water
temperatures and geological and hydrological river contexts at the sampling sites (from karst landscape
to river plain). Finally, our network analysis showed multiple correlations among dominant OTUs.
Among them, negative correlations between Rhodobacteraceae and two other dominant groups of
photosynthetic microorganisms (cyanobacteria and diatoms) were particularly interesting, which
raises the question of what environmental factors trigger the changes occurring in benthic microbial
photosynthetic communities.
Epilithic river biofilms (attached to gravel and stones) are complex matrix-enclosed communities that can be
described as microbial landscapes1. Prokaryotic and eukaryotic microorganisms are closely associated within
these biofilms. The diversity of these communities and the ontogenesis of biofilms have been described in the literature. For example, bacteria, mainly belonging to Betaproteobacteria2, 3, and diatoms4, 5 have fundamental roles
in substrate colonization by producing extracellular polymeric substances (EPS)6. These pioneer microorganisms
facilitate the establishment of the next arrivals, including heterotrophic and photosynthetic microorganisms7,
such as bacteria belonging to Alphaproteobacteria and Bacteroidetes3, cyanobacteria, microalgae7–9, and other
microorganisms (i.e., archaea, fungi, protozoa, small metazoans, and viruses1, 10, 11).
From a functional point of view, cyanobacteria, diatoms, and green algae are recognized as principal primary producers in periphyton12, 13; however, other potentially photosynthetic bacterial taxa are also frequently
detected in stream biofilms, including purple bacteria (e.g., refs 10, 14–16). Among them, members of the
Rhodobacter genus are able to grow under anaerobic (phototrophic) and aerobic (chemoheterotrophic) conditions17. Autotrophic microorganisms have been described as the principal producers of the organic matter that
is used by heterotrophic or mixotrophic microorganisms in biofilms18, 19, while allochthonous organic matter
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Figure 1. Geographic locations of the sampling sites (represented by stars) in the Loue River. Arrows represent
flow direction. Lighter zones represent altitudes more than 300 meters above sea level. This figure was drawn by
the authors using Inkscape 0.91 (www.inkscape.org).

carried by water generally contributes only a minor portion of the carbon20. Finally, predators, such as protists
exploiting biofilms as a food source, are the drivers of carbon transfer to higher trophic levels21.
In most papers addressing the microbial communities of stream biofilms, the microalgal and bacterial components have been described separately. On the one hand, the microalgal component has attracted the attention
of numerous studies dealing with the use of these microorganisms as bioindicators for water quality assessments
(e.g., refs 22–25) and the identification of environmental factors and processes impacting biofilm development in
lotic environments26. On the other hand, numerous studies have been performed on the composition of bacterial
communities in periphytic biofilms using 16S rRNA fingerprinting methods and, more recently, high-throughput
sequencing approaches27, with the goal to better understand the spatial and temporal variation occurring in these
communities28–30.
To our knowledge, only two works have simultaneously addressed both components (prokaryotes and eukaryotes) using high-throughput sequencing: Levi et al.31 compared the composition of epipsammic and epiphytic
biofilm communities across habitats with varying physical substrates and environmental conditions, and Bricheux
et al.15 characterized the microbial diversity of biofilms by testing different sets of primers on biofilms growing on
glass substrates at one site in a French river. Consequently, there are no data based on the use of high-throughput
sequencing that simultaneously describe the spatio-temporal variation in the composition of bacterial and
microeukaryotic communities in epilithic stream biofilms despite the possible application of such approaches for
identifying the relative impacts of environmental factors on these two communities and the putative interactions
between them. To address this paucity of data, we performed a study on epilithic biofilms collected during summer 2012 at four sampling sites in the Loue River, located in the eastern part of France. Physicochemical parameters were recorded with the aim to better understand the variation in microbial communities. The beta diversity
was analyzed to identify the relative importance of two biological processes (species replacement and species loss)
involved in the variation in microbial community composition. In addition to the characterization of prokaryote
and microeukaryote communities using high-throughput sequencing of 16S and 18S rRNA gene fragments, the
biofilm biomass was quantified and the photosynthetic microorganisms (i.e., diatoms, cyanobacteria, and green
algae) were microscopically examined to validate some of the findings provided by our molecular tools. Finally,
a network analysis was performed to obtain an overview of the positive and negative relationships between the
dominant bacterial and microeukaryote OTUs within biofilms and some environmental variables.

Results

Spatio-temporal changes in environmental conditions, biofilm biomass, and the composition
of photosynthetic communities. At the different sampling stations along the Loue River (Fig. 1), four

major high-precipitation events followed by episodes of high flow rates in the river were recorded (05/20, 06/07,
07/01, and 08/24; see Supplemental Fig. 1A,B). At the same time, increases in suspended matter, turbidity, and
phosphate concentration were also detected at the Chenecey-Buillon station (Supplemental Fig. 1C,D). Only one
period of low and stable water flow was observed, between mid-July and the end of August. While pH was relatively stable among the different sampling sites and dates, spatial and temporal variability in water temperature
was observed (Table 1). The water temperature was lower at Cléron than at the other sites and higher in August
than in June, July and September, as expected at this latitude.
Total chlorophyll-a (Chl-a) concentrations ranged between 2 and 10 μg cm−2 (Fig. 2). Higher values were
found at the end of the sampling period (September) except at Cléron (the most upstream station), where the
Chl-a concentrations were higher in July. In addition, the biofilms collected from Belmont showed significantly
lower biomasses compared to those from Cléron and Chamblay (2-way ANOVA; P < 0.01; Supplemental Table 1).
Regardless of the sampling site and date, diatoms always dominated the photosynthetic communities, followed
by cyanobacteria and then green algae (Fig. 2). In contrast to diatoms, the proportion of cyanobacteria increased
significantly in August/September at three of the four sampling sites (Chamblay, Belmont, and Parcey) (2-way
ANOVA; P < 0.001; Supplemental Table 1), and there was also an increase in the proportion of green algae in
August (2-way ANOVA; P < 0.05; Supplemental Table 1).
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Sampling site

Cléron

Chamblay

Belmont

Parcey

Sampling date

Water depth
(cm)

Water temperature
Water pH (°C)

Current velocity
(m.s.−1)

June

NA

8.7

11.7

0.1 ± 0.2

July

NA

8.6

11.6

0.7 ± 0.1

August

29 ± 6

8.6

15.3

0.3 ± 0.2

September

32 ± 3

8.7

13.3

0.5 ± 0.3

July

NA

8.5

17.1

0.2

August

46 ± 5

8.4

23.0

0.3 ± 0.0

September

19 ± 12

8.4

18.2

0.3 ± 0.1

July

43 ± 3

8.5

17.3

0.6 ± 0.2

August

46 ± 12

8.3

22.1

0.3 ± 0.1

September

42 ± 9

8.4

18.6

0.5 ± 0.3

June

NA

8.8

15.5

0.7 ± 0.5

July

22 ± 4

8.5

16.3

0.3 ± 0.1

August

25 ± 1

8.3

20.6

0.3 ± 0.1

September

34 ± 15

8.5

17.2

0.6 ± 0.2

Table 1. Environmental and physico-chemical data measured at each sampling site and date. Values (± s.d.)
corresponded to means of three replicate environmental measurements.

Figure 2. Spatio-temporal variation in the proportions of the main photosynthetic taxonomic groups in
the Loue River biofilms estimated by microscopic cell counting (stacked histogram) and in chlorophyll-a
concentrations (black circles). Values and error bars represent the means of the three replicates and the standard
deviations, respectively, except for Chamblay in July, where only one sample was collected due to poor weather
conditions. Abbreviations: Aug, August; Sept, September.

Molecular characterization of the microbial communities in biofilms. Alpha and beta diversity of bacterial and microeukaryotic communities. The rarefaction curves and Chao1 index showed that a lower sequencing
depth was required to capture the microeukaryotic diversity than the bacterial diversity (Supplemental Figs 2 and 3).
Nevertheless, our data described an important fraction of the bacterial community. Interestingly no significant correlations were found in the spatial variation in the alpha diversity of the bacterial and microeukaryotic communities
when comparing all sampling sites (Pearson correlation; r = 0.11, 0.23 and 0.01 for OTU number, Chao1 and Pielou’s
evenness, respectively). In terms of the spatio-temporal variation in alpha diversity (Supplemental Fig. 3), our analyses revealed that (i) the evenness of the microeukaryotic communities was higher in June and July than in August
and September (2-way ANOVA; P < 0.05) and (ii) the richness and evenness of the bacterial communities increased
from the upstream site (Cléron) to downstream sites (Belmont and Parcey) (2-way ANOVA; P < 0.05), while the
opposite was found for evenness in the microeukaryotic communities.
Following rarefaction, 8,643 and 838 sequences per sample were used for the 16S and 18S rRNA gene analyses, respectively. When looking at the temporal variation in beta diversity in the bacterial and microeukaryotic
communities, our analyses revealed that (i) the total beta diversity values (Sorensen pairwise dissimilarity) were
mostly higher than 0.5 without significant differences (ANOVA; P > 0.05) among the different sampling dates,
and (ii) most of the temporal changes in beta diversity were due to turnover (OTU replacement) (Fig. 3A,C
and E). In addition, no significant difference was found in temporal variation in terms of both turnover and
Scientific Reports | 7: 4344 | DOI:10.1038/s41598-017-04016-w
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Figure 3. Temporal variation in the beta diversity of the bacterial (A, 16S rRNA gene) and microeukaryotic
communities (C, 16S rRNA chloroplast sequences; E, 18S rRNA gene) between the Cléron and Parcey sampling
stations and the spatial variation in the beta diversity in the bacterial (B, 16S rRNA gene) and microeukaryotic
communities (D, 16S rRNA chloroplast sequences; F, 18S rRNA gene) in July and August. Histograms represent
total beta diversity (βsor), turnover (βsim) = black, and nestedness (βsne) = gray. Error bars represent the standard
deviation. Only statistically significant differences are noted: *<0.05, **<0.01, ***<0.001. Abbreviations: Aug,
August; Sept, September; Cl, Cléron; Ch, Chamblay; Be, Belmont; Pa, Parcey.

nestedness, except in bacterial communities, where a significant increase in the contribution of turnover was
detected in August and September (ANOVA; df = 3, F = 9.56, P = 0.005) (Fig. 3A). Finally, regarding the sampling
sites (Fig. 3B,D and F), the total beta diversity showed decreasing trends from upstream to downstream in July
and August, except for the microeukaryotic communities (based on the 18S rRNA dataset) in August.
Scientific Reports | 7: 4344 | DOI:10.1038/s41598-017-04016-w
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Figure 4. Spatio-temporal variation in the composition of the bacterial (A), proteobacterial (B), chloroplast
(C), and microeukaryotic (D) communities based on 16S (A–C) and 18S (D) rRNA gene sequences. Circles
represent the mean proportions of microbial sequences in the three replicates for each sampling site and date.
Chloroplast 16S rRNA gene sequences were classified by BLAST on NCBI. Abbreviations: Aug, August; Sept,
September.

Composition of bacterial and microeukaryotic communities. Our data revealed that Proteobacteria (mean
60% ± 10) dominated the bacterial communities, followed by Cyanobacteria (mean 8% ± 6) and Planctomycetes
(mean 6% ± 8) (Fig. 4A, Supplemental Table 2). Among the Proteobacteria, the order Rhodobacterales
(Alphaproteobacteria) contained more than 42% of the sequences (Fig. 4B, Supplemental Table 2). When looking at the relative abundance of the bacterial OTUs, 20% of the sequences belonged to the eleven most abundant OTUs (>1% of all sequences for all the samples), and seven of these eleven OTUs belonged to the order
Rhodobacterales (Supplemental Table 2). The rest of the abundant OTUs were represented by Cyanobacteria
(Chamaesiphon sp.), and three others were unclassified.
From the sequencing of the 18S rRNA, it appeared that Chloroplastida (mean 68% ± 16), entirely represented
by Chlorophyta, were dominant in the microeukaryotic community of the Loue River biofilms, followed by
Alveolata (mean 8% ± 8, principally represented by Apicomplexa), Rhodophyceae (mean 7% ± 8), Stramenopiles
(mean 4% ± 5), Tubulinea (mean 3% ± 5), Fungi (mean 3% ± 5), Rhizaria (mean 2% ± 3) and Cryptophyceae
(mean 1% ± 3) (Fig. 4D, Supplemental Table 3). Moreover, 14 OTUs contained 78% of all the sequences, with
seven of them belonging to the Chlorophyta division, while the rest were affiliated with Rhodophyceae, Tubulinea,
Alveolata and Stramenopiles (Supplemental Table 3).
The composition of the microeukaryotic community was also characterized using a BLAST analysis, which
was performed on the 26,124 16S rRNA sequences affiliated with chloroplasts using the PANAM pipeline. In
contrast to the results obtained for the 18S rRNA sequences, 92% of the chloroplast sequences were affiliated
with Diatomea, while only 4% were affiliated with Chloroplastida (Fig. 4C, Supplemental Table 4). Diatomea
represented 17 of the 19 most abundant OTUs, while the rest of the most abundant OTUs were affiliated with
Chlorophyta and Dinoflagellata (Supplemental Table 4).
Consequently, these two analyses performed on the microeukaryotic communities provided contrasting findings on the relative proportions of diatoms and green algae in our samples. However, the microscopic enumerations highlighted a large dominance of diatoms, in agreement with the chloroplast sequences.

Spatio-temporal changes in the bacterial and microeukaryotic biofilm communities.

Nonmetric multidimensional scaling (NMDS) analyses were performed on the distribution of all OTUs for both
the bacterial and microeukaryotic communities (based on the rarefied datasets of 16S rRNA without chloroplast
sequences and 16S rRNA chloroplast and 18S rRNA sequences, respectively) (Fig. 5). Significant effects of sampling site, sampling date and the interaction between sites and dates (PERMANOVA; P < 0.001, Supplemental
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Figure 5. Nonmetric multidimensional scaling (NMDS) representing the diversity of the bacterial (A) and
microeukaryotic communities (B,C) among the different sampling sites and dates. NMDS was performed
using the 16S rRNA pyrosequencing dataset without chloroplast sequences (A), the 16S rRNA chloroplast
pyrosequencing dataset (B), and the 18S rRNA pyrosequencing dataset (C).
Table 5) were detected. First, a clear distinction was found between the microbial communities sampled in June/
July and those sampled in August/September in all three NMDS analyses (Fig. 5) except for those from the
upstream sampling station of Cléron (Fig. 5A and B, respectively). When evaluating the composition of these
communities in more detail (Supplemental Table 6), significant increases in Rhizobiales and Chloroplastida (particularly members of Chlorophyceae; based on the 18S rRNA dataset) were found in August/September compared to July, while numerous bacteria belonging, for example, to the phyla Acidobacteria, Bacteroidetes and
Nitrospirae (based on the 16S rRNA dataset) and microeukaryotes such as Ulvophyceae (based on the 18S rRNA
dataset) and Diatomea (based on the 16S rRNA chloroplast dataset) displayed significant decreases in August/
September (ANOVA and Tukey’s test; Supplemental Table 6).
Second, the bacterial and microeukaryotic communities displayed spatial differentiation, particularly between
Cléron and the other sampling sites (Fig. 5). When evaluating the community composition in more detail
(Supplemental Table 6), significant differences were found between Cléron and the other sampling sites in terms
of the relative abundance of some microbial groups, such as Rhodobacteraceae and Rhodophyceae, which were
overrepresented in Cléron; conversely, Chlorophyceae (based on the 18S rRNA dataset), Stramenopiles (based on
the 16S rRNA chloroplast dataset) and Acidobacteria were significantly underrepresented at this station (ANOVA
and Tukey’s test; Supplemental Table 6). While the NMDS based on 16S rRNA chloroplast sequences better
reflected the microscopic observations, the NMDS based on 18S rRNA sequences was also important in showing the spatio-temporal differences in microbial communities for Archaeplastida (Chlorophyceae, Ulvophyceae
and Rhodophyceae), nonphotosynthetic microeukaryotes (Apicomplexa and Amoeba) and Cryptomonadales.
Thus, these three complementary analyses showed similar spatio-temporal differences within samples. Indeed,
the co-inertia analyses performed among the bacterial 16S rRNA, chloroplast 16S rRNA and microeukaryotic 18S
rRNA data revealed significant pairwise correlations between all these datasets (Mantel tests; r = 0.68, 0.44, and
0.36 for comparisons between 16S bacterial/16S chloroplast data, 16S bacterial/18S microeukaryotic data, and
16S chloroplast/18S microeukaryotic data, respectively; P < 0.001 for the three Mantel tests).

Co-occurrence analysis among the dominant OTUs. To assess correlations among environmental conditions and the abundance of dominant bacterial and microeukaryote OTUs within biofilms across the different
sampling sites and dates, a network analysis (based on Spearman correlations using the SparCC method) was performed. Among the 110 dominant bacterial and microeukaryotic OTUs (based on 16S rRNA bacterial and chloroplast sequences), 104 displayed 861 positive and negative correlations, resulting in a complex network (Fig. 6).
Scientific Reports | 7: 4344 | DOI:10.1038/s41598-017-04016-w
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Figure 6. Network based on Spearman correlations among the relative abundances of the dominant bacterial
and microeukaryotic OTUs and environmental data (water temperature at each sampling station and river
water flow rate) for all the sampled biofilms. Only significant positive and negative correlations are represented
(Spearman’s ρ > |0.5|). Nodes correspond to both microbial OTUs and environmental variables. Gray dashed
and black solid lines represent negative and positive correlations, respectively. Line thickness is proportional
to the value of correlations between two nodes; thick and thin lines correspond to high (near |1|) and low
(near |0.5|) correlations, respectively. The six groups were defined using hierarchical clustering based on
Spearman correlations generated using the hclust complete linkage method in R software. Abbreviations:
Ac, Acidimicrobiales; Chr, Chroococcales; Osc, Oscillatoriales; Ple, Pleurocapsales; Dei, Deinococcales;
Bac, Bacillales; Pla, Planctomycetales; Cau, Caulobacterales; Rhi, Rhizobiales; Rho, Rhodobacterales; Ric,
Rickettsiales; Sph, Sphingomonadales; Bur, Burkholderiales; Myx, Myxococcales; Xan, Xanthomonadales; Ver,
Verrucomicrobiales; UB, unclassified bacteria; Dino, Dinoflagellata; Dia, Diatomea; Flow, river water flow rate;
Temp, water temperature at sampling station.
Among these 104 dominant OTUs, more than 44% were potentially photosynthetic microorganisms (14, 10, and
22 OTUs were identified as Diatomea, Cyanobacteria, and Proteobacteria belonging to the Rhodobacteraceae
family, respectively). When looking at all the significant correlations between OTUs in the network, more
positive (59%) than negative correlations were observed. Among the positive interactions, six main groups of
OTUs were identified in the network and were largely dominated by one taxonomic group of microorganisms
(Supplemental Fig. 4). Most negative correlations occurred between OTUs belonging to phylogenetically unrelated classes, such as those found between Diatomea and some Alphaproteobacteria OTUs (Rhodobacterales
and Rhizobiales). Interestingly, cyanobacteria displayed strong positive interactions with OTUs belonging to the
orders Burkholderiales, Sphingomonadales, and Rhizobiales and negative interactions with OTUs belonging to
the order Rhodobacterales (Supplemental Table 7).
Finally, when considering environmental variables, river water flow rate and local water temperature displayed
significant correlations with some microbial OTUs (Fig. 6). Specifically, a positive correlation was found between
the global flow rate and the presence of diatoms.

Discussion

Deciphering the composition of microbial communities in river biofilms and their interactions and identifying
the impacts of environmental factors on these communities are of particular importance for attaining a better understanding of the functioning of riverine biofilms. It is essential to consider bacterial and microeukaryotic communities together because they are closely functionally associated in organic matter-producing and
-recycling processes. In this framework, our study on Loue River biofilms provides new insights into the relationships between prokaryote and microeukaryotic communities.
Concerning the alpha diversity of the microbial communities in the Loue River biofilms, it appeared that
there was no correlation in the spatio-temporal variation of the different alpha diversity indices between the bacterial and microeukaryotic communities. This finding suggests that there is either no direct link in the variation
of alpha diversity between the bacterial and microeukaryotic communities or that there are time lags in their
respective variation. The beta diversity was analyzed to identify the spatio-temporal variations occurring in the
composition of microbial communities in the Loue River and the relative importance of species replacement and
species loss in such variation. We found that the bacterial communities displayed a decreasing trend in beta diversity from the upstream part to the downstream part of the river, which is in agreement with previous findings by
Besemer et al.32. Two main hypotheses could explain this pattern: (i) a decline in water quality from upstream to
Scientific Reports | 7: 4344 | DOI:10.1038/s41598-017-04016-w
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downstream, which is a common feature of many rivers (e.g., Vannote et al.33), and (ii) differences in the heterogeneity of the local environmental conditions between the upstream and downstream parts of the river, knowing
that the downstream part has been rectified. Finally, the high dominance of turnover in the changes occurring
in the composition of the microbial communities suggests that environmental sorting or spatial and historical
constraints34, rather than colonization or extinction processes35, are likely important drivers of the composition
of these microbial communities.
Among the changes occurring in both communities (bacteria and microeukaryotes), it is interesting to consider the variation in the proportions of cyanobacteria, diatoms, and green algae. With the exception of the sampling station at Cléron, the increase in water temperature associated with a decrease in water velocity in August
and September led to concomitant increases in the proportion of cyanobacteria and green algae and a decrease in
the proportion of diatoms at the downstream stations. These findings are in agreement with other studies describing diatoms as “cool season species” and cyanobacteria as “warm/hot season species”36–38. We found that microbial communities from the upstream station (Cléron) displayed fewer changes in the seasonal variation of their
composition compared to those sampled from the downstream stations. These observations are interesting when
looking at the characteristics of the river. In the Loue River, the upstream part is located in a karst landscape,
while the downstream part is located in a river plain39, 40. Moreover, in the upstream part of this river, the water
temperature was 5 °C lower on average than in the downstream part, and the water temperature at the Cléron
station displayed less temporal variation compared to the other stations due to multiple cold water resurgences
occurring along this part of the river. Altogether, these findings support the essential role of water temperature
in the variation of the composition of all biofilm microbial communities, not only on diatoms and cyanobacteria.
These findings also emphasized the necessity of taking the geological and hydrological contexts of the sampling
stations into account when working along such a river.
One other striking point of this study concerns the high number of reads assigned to bacteria other than cyanobacteria that are potentially able to contribute to primary production in these river biofilms. Indeed, 26% of the bacterial reads correspond to potentially photosynthetic microorganisms belonging to the Rhodobacteraceae family,
confirming previous studies highlighting the large abundance of purple non-sulfur bacteria (e.g., refs 10, 14–16).
Even if most of these bacteria can also be considered heterotrophic17, with their photoautotrophic metabolisms
depending on environmental conditions (anaerobic conditions, for example), this finding suggests that it might
be interesting to estimate their contribution to primary production in river biofilms by using, for instance, an
isotope labeling approach.
Finally, concerning the multiple interactions occurring between microorganisms in river biofilms, it appeared
that the strongest positive correlations occurred between OTUs belonging to the same taxonomic group (for
example, between diatoms). This suggests that the environmental conditions leading to the high abundance of
a given group combined, for example, with microenvironmental heterogeneity within the biofilms or with predation or parasitism, allow the promotion and maintenance of a high level of richness within the group, even if
one species can be temporally dominant. This observation is interesting to consider knowing that species that
are phylogenetically closely related generally display high functional redundancy (e.g., Martiny et al.41) and that
this functional redundancy supports biodiversity and ecosystem function (e.g., Wohl et al.42). When more carefully considering the interactions between photosynthetic microorganisms (cyanobacteria and microalgae) and
bacteria, an interesting result concerns the fact that cyanobacterial and diatom OTUs displayed negative correlations with Rhodobacterales OTUs but positive correlations with OTUs belonging to Burkholderiales and
Sphingomonadales. Bacteria belonging to these two orders are known for their high capacity to degrade complex
organic matter (e.g., refs 43 and 44). Their high abundance in biofilms dominated by diatoms or cyanobacteria
suggest that they might play major roles in the degradation of organic matter produced by these benthic photosynthetic microorganisms. By contrast, the negative correlations between Rhodobacteraceae and Cyanobacteria/
diatoms might reflect competition between these photosynthetic microorganisms or the impact of environmental
conditions on their relative importance, considering that Rhodobacteraceae need anaerobic conditions for their
photosynthetic activity, while Cyanobacteria need aerobic conditions.
From a more technical point of view, we identified two main issues in terms of our molecular approach.
The first issue concerns the contrasting results obtained for the structure and composition of the microeukaryotic communities when using 454 pyrosequencing of the 18S rRNA gene and microscopic cell counting. The
over-representation of Chlorophyta in the 18S rRNA sequences could potentially be explained by the number of
copies of the rRNA operon in the cells. Indeed, while the number of 16S rRNA gene copies per cell varies from one
to fifteen among bacteria45, 46, the number of 18S rRNA gene copies per cell varies from one to hundreds of thousands among eukaryotes47–49. Furthermore, Zhu et al.48 and Godhe et al.50 highlighted a significant relationship
between cell biovolume and the number of rRNA gene copies per cell in marine phytoplanktonic communities.
However, the assessment of the structural diversity of the microeukaryotic communities using the chloroplast 16S
rRNA gene was much more congruent with our microscopic observations. Using a cloning-sequencing approach,
Shi et al.51 found that when evaluating the diversity of picoeukaryotic communities in marine environments,
studies using the 18S rRNA gene clone libraries were heavily biased toward heterotrophic cells, while psbA or specific 18S rRNA gene primers could be more effective for targeting plastid gene clone libraries, such as 16S rRNA.
The second technical issue concerns the high number of “unclassified bacteria” (843 OTUs, representing from 5
to 34% of the total bacterial community) detected among the samples. In our study, taxonomic assignment of all
OTUs was performed using the LCA method. In contrast to the LCA method, the nearest neighbor (NN) method
never returns “unclassified bacteria”. However, Taib et al.52 demonstrated that LCA provides more accurate assignment than the NN method, irrespective of the taxonomic level considered (from kingdom to genus).
In conclusion, this study revealed several important findings concerning the structural diversity of river
biofilms and the putative interactions occurring between the numerous OTUs existing within them. Among
the main questions, it would be interesting to better understand the relative contributions of all potentially
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photosynthetic microorganisms in the primary production of these river biofilms, considering the high abundance of some groups, such as Rhodobacteraceae, that have not previously been considered major contributors
to primary production in these ecosystems. One important finding of this work is that the different hydrological
and geological contexts of the Loue River have indirect impacts on the seasonal variation in the composition of
microbial communities through their direct impacts on water temperature. Finally, this work also allowed us to
emphasize that data provided using molecular approaches must be considered with caution and validated when
possible with other approaches, such as microscopic examination.

Methods

Sites and sample collection. Samples were collected during summer 2012 (5–6 June, 9–10 July, 13–14
August and 10–11 September) from four sites located along the Loue River, which belongs to the Loue River
system in France (for a description of this system, see Verneaux et al.53) (Fig. 1). At each site, samples were taken
at three points along a transect parallel to the water’s edge and positioned one to two meters from the shoreline.
All cobbles (4–15 cm length) contained within a known area defined by the surface of an underwater viewer
(707 cm2) were collected at each point. The cobbles were then scrubbed, and the biomass was collected from
250 mL of the river water. Aliquots (5 mL) were filtered for Chl-a (GF/C Whatman; n = 36, no samples in June)
and DNA extraction (polycarbonate 0.2 μm GTTP Millipore; n = 39, no sample from Chamblay in July due to
poor weather conditions), stored chilled in the dark, and subsequently frozen (−20 °C) for later analysis in the
laboratory. Subsamples (1 mL; n = 36, no samples in June) were fixed with Lugol’s solution and stored at 4 °C for
later microscopic identification and enumeration.
Environmental and physico-chemical parameters. The local water temperature, pH, current velocity

and depth were measured at each sampling point on each sampling date. In addition, the flow rate was obtained
from three survey stations (Chenecey-Buillon, Champagne-sur-Loue and Parcey; Fig. 1) from Hydro France
(http://hydro.eaufrance.fr). Precipitation amounts were acquired for the Chenecey-Buillon and Dole-Tavaux
stations (Fig. 1) from Infoclimat (http://infoclimat.fr). Moreover, phosphates (PO4), dissolved oxygen (DO),
and suspended matter concentrations, along with conductivity, pH, and turbidity, were obtained for the
Chenecey-Buillon station from the Port Douvot depuration station.

Chlorophyll-a extraction and quantification.

Glass microfiber filters containing samples were
extracted in darkness with 90% methanol (10 mL) in Falcon tubes (15 mL) according to a protocol described in
Echenique-Subiabre et al.54. The equation of Talling and Driver55 was used to estimate the chlorophyll-a (Chl-a)
concentration (µg L−1), which was then transformed to surface unit concentration (mg cm−2) using the filtered
biomass volume value and the sampling area defined by the surface of an underwater viewer (707 cm2).

Counting procedure and identification of photosynthetic microorganisms. Lugol’s
iodine-preserved samples were homogenized and diluted in Milli-Q water. Identification and enumeration of
the samples were performed as described previously54. Cells were only identified as belonging to cyanobacteria, diatoms or green algae. Cells from other taxonomic groups were not considered, as they were always in the
ultra-minority.
DNA extraction. The DNA extraction procedure was based on mechanical and chemical extraction as
described previously in Zhu et al.56 for each sample (n = 39) on one-quarter of each polycarbonate filter.
PCR and pyrosequencing.

The V4–V5 region of the 16S rRNA gene (16S rDNA) was selected for tag
pyrosequencing. This region was amplified using the bacterial forward primer 563F57, which also included the
Roche 454 pyrosequencing adapter FLX A and a unique 10-bp barcode. The bacterial reverse primer 907rM58
was also used and included the Roche 454 pyrosequencing adapter FLX B Polymerase chain reaction (PCR) was
performed as described previously56.
For 18S rRNA gene sequencing, the V1–V2 region was amplified using the forward primer P45F59, which
also included the Roche 454 pyrosequencing adapter FLX A and a unique 10-bp barcode, and the reverse primer
P47R59, which included the Roche 454 pyrosequencing adapter FLX B adaptor. The PCR volume of 50 µL contained 1X Phusion HF Buffer, 1 mM MgCl2, 0.2 mM each deoxynucleotide, 0.4 μM each primer, 1 U Phusion HF
Polymerase (Thermo Scientific, EU Lithuania), and 10 ng of DNA template and was completed with up to 50 µL
nuclease-free water. PCRs were performed under the following conditions: 98 °C for 1 min; 30 cycles of 98 °C for
10Sec, 57 °C for 30Sec and 72 °C for 50Sec; and 72 °C for 10 min.
Each DNA extract was amplified using three replicate PCRs, which were then pooled. These PCR products
were then purified using a MinElute PCR purification kit (Qiagen, Venlo, the Netherlands). The amount of DNA
in each sample was quantified using the Qubit dsDNA HS assay (Invitrogen, Carlsbad, CA, USA). Finally, the
PCR products (n = 33, no sample from Chamblay in July due to poor weather conditions and no samples from
Chamblay and Belmont in September due to the absence of PCR amplification) were combined together in
equimolar amounts and sequenced using a GS FLX Titanium 454 Genome Sequencer (GATC Biotech, Roche
Company, Branford, CT, USA).

Bioinformatics analysis. The 454 pyrosequencing of the 16S and 18S rRNA genes produced 644,701 and
392,109 raw sequences, respectively. All sequences were cleaned by applying PANGEA trimming60 with a quality threshold >23, minimum sequence lengths of 270 bp for 16S rRNA and 200 bp for 18S rRNA genes, and
removal of sequences with errors in the forward primer and chimeric sequences using UCHIME61 (representing
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11.4% and 2.2% of the sequences for 16S rRNA and 18S rRNA genes, respectively). The remaining sequences
were clustered into operational taxonomic units (OTUs) using USEARCH62 at 97% and 95% similarity thresholds for bacterial and microeukaryotic sequences, respectively63. All OTUs were initially assigned to phyla using
the SILVA database64, and then phylogenies containing both reference and query sequences were built de novo.
The resulting phylogenies were then parsed to assess the taxonomy of the query sequences according to their
neighboring reference sequences. The process was automated using PANAM (https://github.com/panammeb/),
which constructs phylogenetic trees for taxonomic annotation52. The assignment method used was LCA (lowest
common ancestor). After the removal of singleton and bacterial sequences identified as chloroplasts (for 16S
rRNA gene analysis), a range of 8,644 to 24,960 sequences was obtained for the bacterial communities, and a
range of 839 to 16,006 sequences was obtained for the microeukaryotic communities. For the assessment of the
beta diversity of the bacterial and microeukaryotic communities and the description of their composition and
spatio-temporal variation, the 16S and 18S rRNA gene sequence datasets were rarefied to equal sample sizes based
on the sample with the fewest sequences (8,643 and 838 sequences, respectively) using a random subsampling
procedure programed in the statistical software package R 3.1.0 (R Development Core Team, Vienna, Austria65;
personal R script). For the bacterial communities, 7,478 OTUs were obtained from the 285,219 sequences analyzed (8,643 sequences per sample). For the microeukaryotic communities, 456 OTUs were obtained from the
27,654 sequences analyzed (838 sequences per sample). The microeukaryotic community was also characterized
by the analysis of the 26,124 16S rRNA gene sequences affiliated with chloroplasts (SILVA database), which were
then classified by BLAST on NCBI. OTUs were classified as abundant66 (≥1%), intermediately abundant (<1%
and >0.01%), and rare (≤0.01%)67. Eukaryotic and cyanobacterial classifications were updated according to the
latest revised classifications from Adl et al.68 and Castenholz et al.69, respectively.

Statistical analysis. All statistical analyses were performed and figures were constructed using the statistical

software package R 3.1.065. Only significant differences at P < 0.05 were considered.
Sampling site and date effects on biomass (Chl-a, cyanobacteria, diatoms, and green algae), diversity indices,
and the abundance of microbial groups were analyzed using 2-way ANOVA tests followed by Tukey’s test.
Alpha diversity indices (richness, Chao1 and Pielou’s evenness) and rarefaction curves were calculated using
the package vegan70. Richness represents the OTU number (at 97% and 95% similarity thresholds for bacterial
and microeukaryotic sequences, respectively), Chao1 estimates the total richness, and Pielou’s evenness provides
information about the equity in OTU abundance. Correlation coefficients between bacterial and microeukaryotic diversity indices were calculated with the “cor” function using Pearson’s method. The beta diversity was also
estimated; conceptually, beta diversity is the extent of change in the community composition71 among sites within
a geographical area of interest. In this study, we evaluated the beta diversity at the OTU level to measure the variation among sites and dates for the bacterial (16S rRNA without chloroplast sequences) and microeukaryotic
(assessed from 16S rRNA chloroplast and 18S rRNA sequences) communities separately. Following the procedure
described by Baselga34, beta diversity was estimated based on presence-absence data using pairwise Sorensen
dissimilarities to compare the spatial and temporal variations. On each date and for each dataset (16S rRNA
without chloroplast sequences, 16S rRNA chloroplast sequences and 18S rRNA sequences), beta diversity was
estimated between the most upstream site (Cleron) and the most downstream site (Parcey) by pairwise Sorensen
comparison from June to August. Beta diversity was also estimated site by site from upstream to downstream
(pairwise Sorensen comparison) in July and August. For each analysis, we obtained the total beta diversity (βsor)
and its partitioning in terms of turnover (OTU replacement; βsim) and nestedness (OTU loss or gain; βsne) using
the betapart package72.
NMDS analyses were performed on the rarefied 454 pyrosequencing datasets (bacterial sequences without
sequences identified as chloroplasts, microeukaryotic sequences and bacterial sequences identified as chloroplasts) using the package vegan70. Three Hellinger transformations were first performed on the rarefied 454
pyrosequencing datasets; subsequently, principal component analyses (PCAs) and co-inertia analyses were performed using the package ade4TkGUI73. Permutational multivariate ANOVA (PERMANOVA) and Mantel tests
were performed to test for differences in the bacterial and microeukaryotic (16S rRNA chloroplasts and 18S
rRNA) communities among the different sampling sites and dates using the vegan package70.

Network analysis.

To identify associations among the dominant bacterial and microeukaryotic OTUs (≥
1% of the total sequences for at least one of the 33 samples) and environmental data (water pH, water temperature, current velocity at sampling sites and Loue River flow), we calculated Spearman correlations using
the SparCC method (Sparse Correlations for Compositional data74; available at https://bitbucket.org/yonatanf/
sparcc) among the relative abundance levels of dominant bacterial and microeukaryotic OTUs (based on the
454 pyrosequencing dataset of the 16S bacterial and chloroplast rRNA gene sequences) and environmental data
for all the samples (n = 33). The resulting matrix of correlation coefficients was parsed in R software using the
function “exportNetworkToCytoscape” in the WGCNA library. Only correlations <−0.5 and >0.5 were considered for the network display using Cytoscape software75. The network was visualized using the edge-weighted
spring-embedded layout algorithm in Cytoscape75. The nodes represented environmental variables and dominant
bacterial and microeukaryotic OTUs and were connected by edges (significant positive or negative correlations).
The resulting network had 861 edges, with 104 distinct OTUs and two environmental parameters. Six groups of
edges were defined using a clustered heatmap that shows Spearman correlations previously calculated using the
SparCC method. The hierarchical clustering was conducted on the transformed Spearman correlation matrix
(1-M) using the hclust complete linkage method in R software.

Scientific Reports | 7: 4344 | DOI:10.1038/s41598-017-04016-w

10

www.nature.com/scientificreports/

References

1. Battin, T. J. et al. Microbial landscapes: new paths to biofilm research. Nat. Rev. Microbiol. 5, 76–81 (2007).
2. Araya, R., Tani, K., Takagi, T., Yamaguchi, N. & Nasu, M. Bacterial activity and community composition in stream water and
biofilm from an urban river determined by fluorescent in situ hybridization and DGGE analysis. FEMS Microbiol. Ecol. 43,
111–119 (2003).
3. Manz, W., Wendt-Potthoff, K., Neu, T. R., Szewzyk, U. & Lawrence, J. R. Phylogenetic composition, spatial structure, and dynamics
of lotic bacterial biofilms investigated by fluorescent in situ hybridization and confocal laser scanning microscopy. Microb. Ecol. 37,
225–237 (1999).
4. Besemer, K. et al. Biophysical controls on community succession in stream biofilms. Appl. Environ. Microbiol. 73, 4966–74 (2007).
5. Battin, T. J., Kaplan, L. A., Newbold, J. D., Cheng, X. & Hansen, C. Effects of current velocity on the nascent architecture of stream
microbial biofilms. Appl. Environ. Microbiol. 69, 5443–52 (2003).
6. Stolz, J. F. In Microbial sediments (eds Riding, R. E. & Awramik, S. M.) 1–8, doi:10.1007/978-3-662-04036-2 (Springer, 2000).
7. Roeselers, G., Van Loosdrecht, M. C. M. & Muyzer, G. Heterotrophic pioneers facilitate phototrophic biofilm development. Microb.
Ecol. 54, 578–585 (2007).
8. Brasell, K. A., Heath, M. W., Ryan, K. G. & Wood, S. A. Successional change in microbial communities of benthic Phormidiumdominated biofilms. Microb. Ecol. 69, 254–266 (2015).
9. Barranguet, C. et al. Divergent composition of algal-bacterial biofilms developing under various external factors. Eur. J. Phycol. 40,
1–8 (2005).
10. Beraldi-Campesi, H. et al. Benthic bacterial diversity from freshwater tufas of the Iberian Range (Spain). FEMS Microbiol. Ecol. 80,
363–79 (2012).
11. Besemer, K. Biodiversity, community structure and function of biofilms in stream ecosystems. Res. Microbiol. 166, 774–781 (2015).
12. Lamberti, G. A. In Algal Ecology: Freshwater Benthic Systems (eds Stevenson, R. J., Bothwell, M. L. & Lowe, R. L.) 533–572 (Academic
Press, 1996).
13. Roberts, S., Sabater, S. & Beardall, J. Benthic microalgal colonization in streams of differing riparian cover and light availability. J.
Phycol. 40, 1004–1012 (2004).
14. Anderson-Glenna, M. J., Bakkestuen, V. & Clipson, N. J. W. Spatial and temporal variability in epilithic biofilm bacterial
communities along an upland river gradient. FEMS Microbiol. Ecol. 64, 407–418 (2008).
15. Bricheux, G. et al. Pyrosequencing assessment of prokaryotic and eukaryotic diversity in biofilm communities from a French river.
Microbiol. Open 2, 402–414 (2013).
16. Drury, B., Rosi-Marshall, E. & Kelly, J. J. Wastewater treatment effluent reduces the abundance and diversity of benthic bacterial
communities in urban and suburban rivers. Appl. Environ. Microbiol. 79, 1897–1905 (2013).
17. Blankenship, R. E. Molecular Mechanisms of Photosynthesis. John Wiley & Sons, Ltd. (Wiley Blackwell, 2014).
18. Romaní, A. M. et al. Biofilm structure and function and possible implications for riverine DOC dynamics. Microb. Ecol. 47, 316–328
(2004).
19. Romaní, A. M. & Sabater, S. Effect of primary producers on the heterotrophic metabolism of a stream biofilm. Freshw. Biol 41,
729–736 (1999).
20. Kamjunke, N., Herzsprung, P. & Neu, T. R. Quality of dissolved organic matter affects planktonic but not biofilm bacterial
production in streams. Sci. Total Environ. 506–507, 353–360 (2015).
21. Risse-Buhl, U. et al. Tracking the autochthonous carbon transfer in stream biofilm food webs. FEMS Microbiol. Ecol. 79, 118–131
(2012).
22. Stevenson, R. J. & Smol, J. P. In Freshwater Algae of North America: Ecology and Classification (eds Wehr, J. D. & Sheath, R. G.)
775–804, doi:10.1016/B978-012741550-5/50024-6 (Academic Press, 2003).
23. Visco, J. A. et al. Environmental monitoring: inferring the diatom index from next-generation sequencing data. Environ. Sci. Technol.
49, 7597–7605 (2015).
24. Kelly, M. G. & Whitton, B. A. Biological monitoring of eutrophication in rivers. Hydrobiologia 384, 55–67 (1998).
25. Fetscher, A. E. et al. Development and comparison of stream indices of biotic integrity using diatoms vs. non-diatom algae vs. a
combination. J. Appl. Phycol. 26, 433–450 (2014).
26. Biggs, B. J. F. In Algal Ecology: Freshwater Benthic Systems (eds Stevenson, R. J., Bothwell, M. L. & Lowe, R. L.) 31–56 (Academic
Press, 1996).
27. Besemer, K. et al. Unraveling assembly of stream biofilm communities. ISME J. 6, 1459–1468 (2012).
28. Jackson, C. R., Churchill, P. F. & Roden, E. E. Successional changes in bacterial assemblage structure during epilithic biofilm
development. Ecology 82, 555–566 (2001).
29. Lyautey, E., Jackson, C. R., Cayrou, J., Rols, J.-L. & Garabétian, F. Bacterial community succession in natural river biofilm
assemblages. Microb. Ecol. 50, 589–601 (2005).
30. Margulies, M. et al. Genome sequencing in microfabricated high-density picolitre reactors. Nature 437, 376–381 (2005).
31. Levi, P. S. et al. Microbial community diversity and composition varies with habitat characteristics and biofilm function in
macrophyte-rich streams. Oikos 126, 398–409 (2016).
32. Besemer, K. et al. Headwaters are critical reservoirs of microbial diversity for fluvial networks. Proc. Biol. Sci 280, 20131760
(2013).
33. Vannote, R. L., Wayne Minshall, G., Cummins, K. W., Sedell, J. R. & Cushing, C. E. The river continuum concept. Can. J. Fish. Aquat.
Sci. 37, 130–137 (1980).
34. Baselga, A. Partitioning the turnover and nestedness components of beta diversity. Glob. Ecol. Biogeogr. 19, 134–143 (2010).
35. Patterson, B. D. & Atmar, W. Nested subsets and the structure of insular mammalian faunas and archipelagos. Biol. J. Linn. Soc. 28,
65–82 (1986).
36. van der Grinten, E., Janssen, A. P. H. M., de Mutsert, K., Barranguet, C. & Admiraal, W. Temperature- and light-dependent
performance of the cyanobacterium Leptolyngbya foveolarum and the diatom Nitzschia perminuta in mixed biofilms. Hydrobiologia
548, 267–278 (2005).
37. Coles, J. F. & Jones, R. C. Effect of temperature on photosynthesis-light response and growth of four phytoplankton species isolated
from a tidal freshwater river. J. Phycol. 36, 7–16 (2000).
38. Sabater, S. et al. Ecological implications of mass growth of benthic cyanobacteria in rivers. Aquat. Microb. Ecol. 32, 175–184
(2003).
39. Calinon, L. In Notes de géographie agraire Comtoise et Montbélliarde (ed. Chevalier, M.) 78 (Annales littérraires de l’Université de
Besançon, 1955).
40. Chapuis, R., Mille, P., Cupillard, C., Perrenoud-Cupillard, N. & Francart, C. In Une aventure territoriales - La haute vallée de la Loue De la vigne, à l’usine et au patrimoine (ed. Griselin, M.) 194 (Presses universitaires de Franche-Comté, 2006).
41. Martiny, A. C., Treseder, K. & Pusch, G. Phylogenetic conservatism of functional traits in microorganisms. ISME J. 7, 830–8 (2013).
42. Wohl, D. L., Arora, S. & Gladstone, J. R. Functional redundancy supports biodiversity and ecosystem function in a closed and
constant environment. Ecology 85, 1534–1540 (2004).
43. Cerniglia, C. E. In The Utilization of Bioremediation to Reduce Soil Contamination: Problems and Solutions 51–73, doi:10.1007/97894-010-0131-1_4 (Springer Netherlands, 2003).

Scientific Reports | 7: 4344 | DOI:10.1038/s41598-017-04016-w

11

www.nature.com/scientificreports/
44. Pérez-Pantoja, D. et al. Genomic analysis of the potential for aromatic compounds biodegradation in Burkholderiales. Environ.
Microbiol. 14, 1091–1117 (2012).
45. Klappenbach, J. A., Saxman, P. R., Cole, J. R. & Schmidt, T. M. rrndb: the ribosomal RNA operon copy number database. Nucleic
Acids Res. 29, 181–184 (2001).
46. Větrovský, T. & Baldrian, P. The variability of the 16S rRNA gene in bacterial genomes and its consequences for bacterial community
analyses. PLoS One 8, e57923 (2013).
47. Prokopowich, C. D., Gregory, T. R. & Crease, T. J. The correlation between rDNA copy number and genome size in eukaryotes.
Genome 46, 48–50 (2003).
48. Zhu, F., Massana, R., Not, F., Marie, D. & Vaulot, D. Mapping of picoeucaryotes in marine ecosystems with quantitative PCR of the
18S rRNA gene. FEMS Microbiol. Ecol 52, 79–92 (2005).
49. Gong, J., Dong, J., Liu, X. & Massana, R. Extremely high copy numbers and polymorphisms of the rDNA operon estimated from
single cell analysis of Oligotrich and Peritrich ciliates. Protist 164, 369–379 (2013).
50. Godhe, A. et al. Quantification of diatom and dinoflagellate biomasses in coastal marine seawater samples by real-time PCR. Appl.
Environ. Microbiol. 74, 7174–82 (2008).
51. Shi, X. L., Lepère, C., Scanlan, D. J. & Vaulot, D. Plastid 16S rRNA gene diversity among eukaryotic picophytoplankton sorted by
flow cytometry from the South Pacific Ocean. PLoS One 6, e18979 (2011).
52. Taib, N., Mangot, J.-F., Domaizon, I., Bronner, G. & Debroas, D. Phylogenetic affiliation of SSU rRNA genes generated by massively
parallel sequencing: new insights into the freshwater protist diversity. PLoS One 8, e58950 (2013).
53. Verneaux, J., Schmitt, A., Verneaux, V. & Prouteau, C. Benthic insects and fish of the Doubs River system: typological traits and the
development of a species continuum in a theoretically extrapolated watercourse. Hydrobiologia 490, 63–74 (2003).
54. Echenique-Subiabre, I. et al. Application of a spectrofluorimetric tool (bbe BenthoTorch) for monitoring potentially toxic benthic
cyanobacteria in rivers. Water Res. 101, 341–350 (2016).
55. Talling & Driver (1963). In Tandeau de Marsac, N. & Houmard, J. Complementary chromatic adaptation: physiological conditions
and action spectra. Methods Enzymol. 167, 318–328 (1988).
56. Zhu, L. et al. Bacterial communities associated with four cyanobacterial genera display structural and functional differences:
evidence from an experimental approach. Front. Microbiol 7, 1–11 (2016).
57. Claesson, M. J. et al. Comparison of two next-generation sequencing technologies for resolving highly complex microbiota
composition using tandem variable 16S rRNA gene regions. Nucleic Acids Res. 38, e200–e200 (2010).
58. Schauer, M., Balagué, V., Pedrós-Alió, C. & Massana, R. Seasonal changes in the taxonomic composition of bacterioplankton in a
oligotrophic coastal system. Aquat. Microb. Ecol. 31, 163–174 (2003).
59. Dorigo, U., Bérard, A. & Humbert, J.-F. Comparison of eukaryotic phytobenthic community composition in a polluted river by
partial 18S rRNA gene cloning and sequencing. Microb. Ecol. 44, 372–80 (2002).
60. Giongo, A. et al. PANGEA: pipeline for analysis of next generation amplicons. ISME J. 4, 852–861 (2010).
61. Edgar, R. C., Haas, B. J., Clemente, J. C., Quince, C. & Knight, R. UCHIME improves sensitivity and speed of chimera detection.
Bioinformatics 27, 2194–2200 (2011).
62. Edgar, R. C. Search and clustering orders of magnitude faster than BLAST. Bioinformatics 26, 2460–2461 (2010).
63. Caron, D. A. et al. Defining DNA-based operational taxonomic units for microbial-eukaryote ecology. Appl. Environ. Microbiol. 75,
5797–5808 (2009).
64. Pruesse, E. et al. SILVA: a comprehensive online resource for quality checked and aligned ribosomal RNA sequence data compatible
with ARB. Nucleic Acids Res. 35, 7188–7196 (2007).
65. R Core Team. R: A language and environment for statistical computing. R Foundation for Statistical Computing, Vienna, Austria,
http://www.R-project.org/ (2014).
66. Pedrós-Alió, C. Marine microbial diversity: can it be determined? Trends Microbiol. 14, 257–63 (2006).
67. Mangot, J.-F. et al. Short-term dynamics of diversity patterns: evidence of continual reassembly within lacustrine small eukaryotes.
Environ. Microbiol. 15, 1745–58 (2012).
68. Adl, S. M. et al. The revised classification of eukaryotes. J. Eukaryot. Microbiol. 59, 429–93 (2012).
69. Castenholz, R. W. et al. In Bergey’s Manual of Systematic Bacteriology 473–599, doi:10.1007/978-0-387-21609-6_27 (Springer New
York, 2001).
70. Oksanen, J. et al. vegan: Community Ecology Package. R Package Version 2.3-3 https://cran.r-project.org/web/packages/vegan/
(2016).
71. Whittaker, R. H. Vegetation of the Siskiyou Mountains, Oregon and California. Ecol. Monogr. 30, 279–338 (1960).
72. Baselga, A., Orme, D., Villeger, S., Bortoli, J. De & Leprieur, F. betapart: Partitioning beta diversity into turnover and nestedness
components. R Package Version 1.3, https://cran.r-project.org/web/packages/betapart/ (2015).
73. Thioulouse, J. & Dray, S. Interactive multivariate data analysis in R with the ade4 and ade4TkGUI packages. J. Stat. Softw. 22, 1–14
(2007).
74. Friedman, J. & Alm, E. J. Inferring correlation networks from genomic survey data. PLoS Comput. Biol. 8, e1002687 (2012).
75. Shannon, P. et al. Cytoscape: a software environment for integrated models of biomolecular interaction networks. Genome Res. 13,
2498–2504 (2003).

®

Acknowledgements

We are grateful to A. Catherine (MNHN) for helpful discussions and J. Tambosco (UPMC) for fieldwork
participation. This study received financial support from the French National Agency for Water and Aquatic
Environments (ONEMA) and from the Adour-Garonne and Rhône-Méditerrannée-Corse Water Agencies. The
authors thank the French National Institute for Agricultural Research (INRA) for the fellowship.

Author Contributions

A.Z., I.E., C.Q. and J.F.H. conceived the experiments, A.Z. and I.E. conducted the experiments, A.Z., I.E. N.T.
and D.D. analysed the data, A.Z., I.E., C.Q. and J.F.H. interpreted the data, A.Z., I.E., C.Q. and J.F.H. drafted the
manuscript. All authors reviewed the manuscript.

Additional Information

Supplementary information accompanies this paper at doi:10.1038/s41598-017-04016-w
Competing Interests: The authors declare that they have no competing interests.
Publisher's note: Springer Nature remains neutral with regard to jurisdictional claims in published maps and
institutional affiliations.

Scientific Reports | 7: 4344 | DOI:10.1038/s41598-017-04016-w

12

www.nature.com/scientificreports/
Open Access This article is licensed under a Creative Commons Attribution 4.0 International
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or
format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Creative Commons license, and indicate if changes were made. The images or other third party material in this
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the
material. If material is not included in the article’s Creative Commons license and your intended use is not permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
© The Author(s) 2017

Scientific Reports | 7: 4344 | DOI:10.1038/s41598-017-04016-w

13

